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We are also organizing a workshop at ECCV 2022, check it out at ood-cv.org



Motivation

Deep learning is making progress.

But (mostly) only evaluated on IID test data.



Motivation

If the model is fed with these naturally 

occuring OOD examples,

what will the performance be?



What are important OOD shifts for CV?

We select five attributes that can vary independently as the nuisance for our study.



How do we collect the images and annotations?

We collected BBox and 3D pose annotations for ~500 images per nuisances, total images number are ~2600



Findings

● The influence of nuisance depends on the task



Findings

● Strong data augmentations does not help much with these OOD shifts



Findings

● CNNs and Transformers perform roughly the same on these nuisances



Summary
1. Our dataset enables testing on individual nuisance like: 

a. Object shape
b. Object 3D pose
c. Texture appearance

2. The influence of nuisance depends on the task
3. Strong data augmentations does not help much with these OOD shifts
4. CNNs and Transformers perform roughly the same on these nuisances

d.      Surrending context
e.      Weather condition



OOD-CV workshop at ECCV 2022
Check out ood-cv.org.
We have a paper track and a challenge track, the challenge winners have the opportunity to 
win $10k and be invited to submit to an IJCV special issue!


